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Abstract: This study investigates the effect of demographic factors on formal and informal borrowing
households in rural Fujian Province. The study tests whether credit constraint affects rural farmers’
welfare in the studied region, using a probit regression and endogenous switching regression model
to analyse data collected in 2017 from 960 farm households. Analysis shows that age, poverty,
household size, and farmland size operate to constrain credit in formal borrowing. Results also
indicate that level of education, farm land size and age have significant impacts on rural household
borrowing from informal sources. The results from the endogenous switching model approach
suggest that credit constraint does have a significant impact on rural farmers’ consumption and
welfare in Fujian province.
Keywords: China; rural households; credit constraint; informal borrowing; welfare
1. Introduction
As is likely to be the case anywhere, where there is poverty, credit is a necessary and important
factor in agricultural production systems. Wang et al.’s [1] survey on 2037 counties in 30 provinces of
China in 2010 found that rural residents generally face credit constraints. Credit access can significantly
increase the ability of households to meet their financial needs for agricultural inputs and productive
investments. This is especially so, for households with little to no savings [2]. With limited credit,
rural farmers cannot purchase inputs as needed and consequently must limit their production and
consumption choices [3]. The inability to acquire formal credit has often been argued to be a crucial
constraint in expanding farmers’ production and largely restrains farmers from improving their living
conditions and welfare [4,5]. Feder et al. [6] argued that in China, one additional yuan of credit
can yield 0.235 yuan additional gross value of output in rural areas. This result is consistent with
Guirkinger and Boucher‘s [7] study which showed that a 27 percent loss of agricultural output was
associated with credit constraints in rural Peru.
In addition to maintaining consumption of basic necessities, access to credit can increase poor
farmers’ risk-coping ability and help them alter their risk-coping strategies so that farmers may be
willing to adopt new and riskier strategies with higher potential return in their production instead of
risk-reducing but inefficient strategies [5,8]. Further, Hermes and Lensink [9] maintain that access to
credit may contribute to a long-lasting increase in income by means of a rise in investments in income
generating activities and to a possible diversification of sources of income for low income groups,
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particularly rural households. Therefore, credit is a powerful instrument to help poor people invest
and break out of a ‘vicious cycle’ of poverty because it has the potential to improve the users’ incomes
and savings, and consequently, enhance investment and reinforce high incomes [10].
In China, rapid industrialisation and urbanisation have brought great change to the structure of
rural communities and the development of more efficient agricultural production. Liu [11] studied
labor force participation in the agricultural sector from 1978 to 2005, finding a decrease from 90.8
percent to 47.9 percent. This dramatic change is likely to have a substantial impact on the economy.
Liu’s analysis predicted a decrease in the proportion of the production value of coastal agricultural
contributions to GDP and that the rural agricultural labor force will continue to decrease to 6 percent
and 32.2 percent, respectively by 2020. Furthermore, China’s farmland resources continue to decrease
with the expansion of urbanisation and conversion of agricultural land to industrial use. For the
period of 2000 to 2008, China’s farmland has decreased by 11.48 million ha [8]. In China, the issue of
abandonment of farmland and its conversion to other uses is a reflection of the changes in requirements
for rural production. With these changes in land use and increased population pressure nationwide,
further development of rural land for agricultural production will depend upon strengthening the
rural credit marketplace and increasing the efficiency of credit capital use [12].
However, previous studies have found that rural households in China suffered credit constraint
from formal credit sources [2,3,13,14]. Chinese formal financial institutions have strict requirements
for granting loans in areas and lending is limited due to high financial risk. Rural households are
vulnerable to covariate shocks (covariate shocks include extreme weather, disease epidemics, etc.),
have relatively few assets for collateral (land is owned by the state, and farmers cannot use land as loan
collateral), and have low returns (interest ceilings are set by the government) from rural loans [2,13,15].
As a consequence, most rural households in China rely on the informal credit market to meet their
credit needs. Dong et al. [15] reported that in 2007, only 33 percent of rural households could get access
to formal credit in Xinglonggang County, Heilongjiang Province, and more than 40 percent of farmers
had financial demands but could not get sufficient financial support from formal credit channels.
In addition, poor rural households are more likely to be credit constrained from both formal and
inform credit sources [14,16]. Poor rural households lack collateral, which results in credit constraints
from formal credit sources that restricts their participation in additional income generating activities.
It further impoverishes them by depriving their households of an opportunity to invest in social capital
to expand their social network. This acts as a further constraint by isolating them from informal credit
sources [17]. The social network is the most important key determinant for farmers’ access to informal
credit, as informal borrowing is a resource traded among friends and relatives or via their social
networks [14,18]. Therefore, credit constraint is one of the more substantial factors that reinforces the
poverty trap among the rural poor [17].
To relax credit constraints in the rural credit market, an appropriate strategy is to direct both
informal and formal credit sectors to work better towards the rural development goal since both sectors
coexist and interact. A better connection between the two credit sectors would enable one sector to
overcome its weaknesses by gaining from the others’ strengths [19]. This will enable the informal sector
to serve the rural community efficiently instead of attempting to diminish its operation and existence.
In 2005, the China Banking Regulatory Commission (CBRC) relaxed the conditions of entry into the
rural credit market for township/village banks, private loan companies and rural mutual cooperatives.
This policy change was undertaken with the aim of reducing capital shortages in rural areas [15]. These
credit schemes were designed to enhance market access, diversify rural financial institutions to extend
credit facilities and to increase rural household incomes and levels of consumption [17]. However,
financial supports of all sorts in rural areas are still marginal compared to the urban areas. Wang [20]
showed that urban dwellers can get financial support 13 times more than those in rural areas. The
average ratio of per capita loans is 13.17:1 between urban and rural areas in China [12]. From 2000 to
2008, the absolute size of the difference in per capita urban and rural loans rose from 4121.39 RMB to
8106.72 RMB [12].
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In 2005, government administrators initiated a set of policies focused on promoting agricultural
and rural development to spur the rural economy and confront the striking inequality between
urban and rural regions [17]. The resulting national “New Rural Campaign” was initiated in 2006,
which included an emphasis on deliberate financial intervention in the rural economy [17,21]. This
liberalisation of the credit market is likely to have long term effects, reshaping the rural financial
system in China and enhancing the process of rural development [17]. It is thus important to identify
the factors determining credit constraints in rural China and examine the impact of these on farm
household welfare.
This study aims to identify the possible effects of household demographic factors on credit access
to both formal and informal credit sources. Analysis will utilise survey data collected from Fujian
province in 2017. Beyond assessing the influence of demographic factors on gaining credit, we will
also examine the impact of credit constraints on farm households’ welfare. Results from our empirical
analysis may provide insight useful in the formulation of rural credit policies and for efforts aimed at
enhancing rural production in China.
The remainder of the paper is organised as follows. Section 2 reviews the literature on credit
constraint (both formal and informal borrowings) and households’ welfare. Section 3 presents the
research data and descriptive statistics. Section 4 describes the research methodology. Section 5 reports
empirical results and Section 6 concludes the study.
2. Literature Review
2.1. Credit Constraint from Formal Borrowings
Credit constraint is the status when households’ demands for credit are not met. This happens
when their loan demands are partially or completely rejected by the credit provider [22], or if they
have been discouraged to lend due to their perception of no chance of gaining credit [23,24]. Given
the negative impact of credit constraint, great efforts have been spent on identifying factors affecting
households’ credit constraint, particularly in rural area.
Grant [25] estimated the credit constraint among US households and found that credit constrained
households are usually single, white, female college graduates who have just started their first well-paid
job. They conclude that credit constraint is affected by the marital status, race, gender, education and
income of the household head. Similarly, Kofarmata et al. [26] show that the rural credit constraint
in Nigeria is negatively affected by the education level of farmers and family members, while it is
positively impacted by the high non-agricultural income and secondary occupation. Using Pakistan
Rural Household Survey 2001 and 2007 survey data from 160 farm households in Punjab, Akram and
Hussain [27] add that collateral is one of the major constraints for formal lending of rural households
in Pakistan. About 77 percent of borrowers use lands as collateral. Thus, those without lands such as
tenants and share croppers were excluded from the credit programmes. Jia et al.’s [17] study on rural
households in North China Plain in 2005, Chaudhuri and Cherical’s [28] study on rural households in
India and Tran et al.’s [29] study on rural farmers in Vietnam’s North Central Coast region also found
negative effects of farm land size on the probability of the rural household’s credit constraint. This is
explained by the fact that these rural lands are not acceptable as collateral for the loan and thus, are not
helpful for the farmer’s repayment capability [17]. Besides, large households and the poor are often
constrained from formal lending [17,28].
2.2. Informal Borrowings
The Chinese rural financial capital market reflects the traditional paradigm found in many
developing countries. Generally, formal credit institutions are highly centralised and heavily dependent
on the government budgets. Private lending is usually highly regulated and often considered illegal [30].
In these situations, formal financial institutions tend to lack enthusiasm for participating in the rural
loan marketplace. Therefore, loans from informal financial sources have become the main channels of
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financing in rural China. It has been documented that 61.68 percent of rural loans were obtained from
informal credit sources in 2009, while only 37.09 percent of cumulative rural loans borrowed were
from banks and credit cooperatives in the same period [30].
Guo and Jia [31] defined informal finance exclusively in terms of the lender-borrower relationships
that exists between friends and relatives. Such relationships are powerful components in borrowing
and lending situations. Studies have confirmed that borrowing from friends and relatives dominates
the informal rural credit market in China [32]. Turvey and colleagues [32] found that nearly two out
of three rural loans are from friends and relatives. Li and Zhu’s [33] study provided a similar result,
documenting that 67.8 percent of Chinese rural households’ loans were from relatives and friends.
Studies investigating the preference for informal borrowing go beyond a focus on the topic
of credit constraint from formal credit sources [17]. Using a 2005 survey of 337 rural households,
Jia et al. [17] found weak substitutability between formal and informal lending. The informal market
is characterised by the important role of initial assets over the problem of information asymmetries.
Therefore, many authors analyse the credit constraint without distinguishing formal and informal
markets. For example, Zeller [22] analyses the credit rationing of both formal and informal lenders
in Madagascar. They found that these two lenders rely on locally available information to assess
the borrower’s creditworthiness. The household wealth, debt-servicing obligations, and income are
main criteria affecting the household’s credit rationing. Similarly, Barslund and Tarp [34] assess the
credit constraint from both formal and informal lending of 932 rural households in four Vietnamese
provinces. They found that education and credit history negatively affect the credit rationing of
farmers. In addition, there are significant differences in the credit constraint amongst the four provinces.
Tang et al.’s [2] study on farmers in Heilongjiang Province, China surprisingly reveals that farmers
who need the credit the most have higher probability of being credit constrained. These households
are represented with more farming land and off-farm income. The authors suggest that the Chinese
credit markets are operating below their potential. However, Lin, Wang, Gan, Cohen, and Nguyen [35]
examined the formal and informal borrowings separately on Chinese rural households and revealed
that informal borrowing is affected by the annual household nonagricultural income, children presence,
social networks and communication expenses.
2.3. Credit Constraint and Households’ Welfare
Credit constraint is a major factor contributing to the productivity reduction and slow economic
development in rural areas [36]. Access to rural credit largely affects farmers’ investment and
consumption decisions [2,37]. This is because credit access enables the rural households’ ability
to satisfy their financial needs, which allow them to spend on agricultural inputs and productive
investments. Rural households which are constrained from the credit are limited to the participation
in many income generating activities. While credit constraint is not necessarily a cause of poverty, it
obviously exaggerates it [17,38].
Credit constraint has been empirically found to have negative influence on rural household welfare.
Baiyegunhi and colleagues [39] conducted research on households in the Eastern Cape province in
South Africa. They indicate that non-constrained households have higher monthly expenditure than
constrained counterparts. Similarly, Tran et al. [29] found a lower consumption expenditure among
credit constrained households compared to randomly selected households. Similar findings are also
found in Briggeman et al.’s [40] research on US farm and nonfarm households, and in Li and Zhu’s [33]
study on Chinese rural households. Li and Zhu [33] add that the welfare losses are larger if the
household’s credit demand is fully rejected.”
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3. Data and Descriptive Statistics
3.1. Sampling Method and Data Collection
Data were collected through a rural household survey relying on face-to-face interviews. These
were conducted between May 2017 and September 2017 in Fujian province, China. Fujian is one of
the largest agricultural provinces in China, where rural households are geographically dispersed
in coastal, plain and mountain areas. A wide variety of agricultural crops are in production, along
with aqua-culture and livestock production. The survey was administered in 43 national level and
provincial level rural production observation posts (counties/villages) (The observation posts were
established in China since 1985, and aim to help the central government in efficiently gathering the
updated rural households’ production and development data. Up to year 2016, there are a total of 360
national level observation posts (counties/villages) and 200 provincial level observation posts. The
provincial observation posts are supplementary for the national level observation posts. Over 2000
full time employees are employed by these national level and provincial level observation posts [41].
There are a total of 43 long term and fixed rural production observation posts (counties/ villages) in
Fujian province. The 11 fixed national rural observation posts are at the national level and 32 rural
production observation posts are at the provincial level.). These observation posts are spread in nine
major cities in Fujian province. These counties/villages account for more than 80 percent of the rural
(agricultural) production output in Fujian province (see Table 1).

















Zhangzhou 37.087 500 143.86 356.14 71
Sanming 25.208 253 102.05 150.95 60
Quanzhou 17.846 851 350.77 500.23 59
Nanping 28.923 264 109.98 154.02 58
Ningde 25.309 287 120.53 166.47 58
Putan 11.512 287 131.18 155.82 54
Longyan 20.062 252.08 121.9 130.18 52
Fuzhou 43.469 750 380.85 369.15 49
Xiamen 2.393 386 343.11 42.89 11
Note: City is ranked by the rural population percentage. Source: Wind data base.
The sample households were randomly chosen from listings provided by village cadres in the
43 national and provincial observation posts, with each subsample proportionately representative of
the county/village population. A total of 991 rural households were asked to participate. A total of
963 surveys were returned, and 960 surveys were complete and useable, yielding a response rate of
96.87 percent.
Table 1 shows that our study regions (the cities are, Zhangzhou, Sanming, Quanzhou, Nanping,
Ningde, Putan and Longyan.) are heavily engaged in agricultural production, with more than half of
the population living in rural locations. In Fujian province, there are 253,000 households categorised as
poor, based on China’s official national poverty line, as published by the Fujian People’s Congress
(FPC) [42]. We use the figure provided by the FPC for our definition of poor households, those that
have annual disposable incomes of less than or equal to 2,855 RMB per person. Our survey result
documents 46 (4.79 percent) rural households (out of 960) as certified poor.
Credit constraint was measured via the direct elicitation technique described by Boucher and
colleagues [43] and often utilised for studying the phenomenon (see [17,29,32]). This method uses
survey questions to separate the households with credit constraint from those without credit constraints.
In our study, credit constraint occurs when the household has unmet credit excessive demand relative
to supply. This is referred to as quantity rationing, which reflects the lender’s unwillingness to offer
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credit. Quantity rationing is a type of non-price rationing, which arises from information asymmetry
and enforcement problems associated with loan contracts [44]. Two other types of non-price rationing
are transaction costs rationing and risk rationing. They discourage rural households from attempting
to gain formal credit due to related transaction costs, such as time and effort involved in the contracts
and the excessive concerns about their repayment capabilities [44]. We do not consider transaction
costs rationing and risk rationing as credit constraint in our study because the results are not different
from quantity rationing results. It suggests that quantity rationing is more important in our study.
Using the quantity rationing definition, we first identify the household’s demand for credit by
asking the households whether they need to borrow money from any credit source. A response of
“no” implies that they are not credit constrained. For those who answered “yes”, this means they have
loan demand. Next, we ask whether they apply for a loan. For those who answered “yes”, we asked
two additional questions. The first question considers if their applications were rejected by formal
credit institutions. The second question asks if they have borrowed insufficient funds, which means
that the loan amount received from formal financial institutions is less than what the household has
requested. The households answering “yes” to either of these two questions can be categorised as
credit constrained due to quantity rationing. A “no” answer to these two questions suggests that the
household is not credit constrained.
Based on the survey responses, there are 269 households (28 percent of total surveyed households)
that sought credit from formal sources, in which 42 households were rejected by formal institutions
(see Table 2). The main reason for rejection is lack of collateral. Among the 227 households which
successfully obtained the loan, the survey result shows that 154 households did not receive sufficient
amount of funds. Based on the information provided by the households, 196 households are categorised
to be credit constraint accounting for 20.4 percent of total surveyed households.
Table 2. Reasons for households’ formal credit constraint condition.
Respondent Status
Need to Borrow from
Any Credit Courses
Don’t Need to Borrow
from Any Credit Courses Total
Count % Count % Count %
Number of respondent





Household Who Did Not
Apply for Formal Credit Total
Count % Count % Count %
Number of respondent
households 269 28 691 72 960 100
Number of credit
constrained households 196 20.4
Constrained Borrowers and Reason
Rejected borrowers 42 4.4
+ Lack of collateral 22 2.3
+ Other reasons 20 2.1
Insufficient fund 154 16.1
Table 3 shows households’ informal borrowing reasons. The survey results confirm that the rural
households rely heavily on informal credit sources, with 280 households borrowing from informal
credit sources, which is more than the number of households that borrowed from formal credit sources
(227 households). The major reasons for household informal borrowing are no collateral (13.5%),
flexible in term of payment schedule (14.5%) and fast loan processing (16.3%).
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Table 3. Households informal borrowing condition and reasons.
Credit Application Status Households Who Appliedfor Informal Credit
Households Who Did Not
Apply for Informal Credit Total
Count % Count % Count %
Number of respondent households 280 29.2 680 70.8 960 100
Informal Credit Borrowers and Reasons a Count %
No collateral requirement 130 13.5
Flexible in term of payment schedule 139 14.5
Low interest rate 52 5.4
Fast loan processing 156 16.3
Other reasons 31 3.2
a The total number of respondents is larger than 280 because the respondents can choose more than 1 option.
3.2. Households’ Summary Statistics
Table 4 presents the descriptive profile of credit constrained and unconstrained households. Only
20.41 percent of total female households are credit constrained, compared to 79.59 percent of male
households. It also documents that the percentage of credit constrained households decrease with an
increase in age. Education also has an impact. The proportion of credit constrained households where
the member holds a high school degree or more advanced degree (51.02 percent) is slightly higher
than households where primary or lower education (48.98 percent) is characteristic. The results of χ2
testing indicates that gender is significantly related to credit constraints at the five percent level. Age
and education level are also significantly related to credit constraints at the one percent level.
Table 4 also reveals that seven out of 46 poor households (15.22 percent) are constrained by
formal credit institutions. The proportion of credit constrained households whose income is from
agricultural and related production is lower than household income in non-agricultural activities.
There are significant differences between credit constrained and unconstrained household groups in
terms of total annual income, consumption and expenditure per capita.
A majority of the households in our sample belong to the 35 to 55 years age group and have a
primary school education or hold a lower qualification. Most of the respondents’ households comprise
five members. Nearly all of the respondents were engaged in farming activities, but only 27.19 percent
of their earnings were agriculturally related. The average household’s farmland was 0.32 ha, with an
annual income of 164,618.6 RMB, and only 4.79 percent of the respondents were certified as poor.





Household All Respondents Statistical Test
Count % Count % Count %
Gender
Male 156 79.59 540 70.68 696 72.50
χ2 = 5.2657 **
Female 40 20.41 224 29.32 264 27.50
Age group
Below 35 55 28.06 133 17.41 188 19.58
χ2 = 23.9107 ***35–55 120 61.22 435 56.94 555 57.81
Above 55 21 10.71 196 25.65 217 22.61
Education level
Primary school or lower 96 48.98 549 71.86 645 67.19
χ2 = 8.3843 ***
High school and above 100 51.02 215 28.14 315 32.81






Household All Respondents Statistical Test
Count % Count % Count %
Poor
Certified as the poor 7 3.57 39 5.10 46 4.79
χ2 = 2.5208
Non poor 189 96.43 725 94.90 914 95.21
Occupation type
Farm 66 33.67 254 33.25 320 33.33
χ2 = 3.6057 *
Non-farm 130 66.33 509 66.62 639 66.56
Missing value 0 0 1 0.13 1 0.11
Main source of income
Agricultural related 68 34.69 193 25.36 261 27.19
χ2 = 4.4154 **
Non-agricultural related 128 65.31 568 74.64 696 72.50
Missing value 0 0.00 0 0.00 3 0.31
Farm land size
Less than 5 mu* 117 59.69 498 67.57 615 64.06
χ2 = 1.428
More than 5 mu 73 37.24 239 32.43 312 32.50
Missing value 6 3.06 0 0.00 33 3.44
Household size
mean 4.679 - 4.723 - 4.718 - T = −0.619
Number of Children
Mean 1.633 - 1.881 - 1.830 - T = 0.944
Total annual income
Mean 25,6176.9 - 141,129.8 - 164,618.6 - T = −3.875 ***
Annual household consumption and expenditure
Mean 11.066 - 10.709 - 10.783 T = −2.693 ***
Note: *1 mu = 0.16 acre = 0.064 ha; *, **, *** Significant at the 10, 5, 1, percent levels, respectively; Source: The
author’s survey data, 2017.
4. Method and Empirical Results
Methods available for determining whether rural households are credit constrained include
qualitative choice model approaches. If the random term built into them is assumed to have a logistic
distribution, then one appropriate approach is a standard binary logit model. However, if it is assumed
that the random term is normally distributed, then the model becomes the binary probit model [45,46].
In this study, we rely on the probit model because the loan decision conforms to the normal distribution
assumption. The model is estimated by the maximum likelihood method. The baseline model for
assessing the probability of both credit constraint and whether a household is borrowing from informal
sources can be obtained by the following equation:




4.1. Credit Constraint Model (Model 1)
Choices about participation in financial markets are likely to be less frequent. Instances of these
include buying a major appliance such as a farm implement or deciding whether (or how much) to
borrow to purchase a major piece of equipment for their business. Inputs into these sorts of decisions
can have a substantial qualitative component. As a result, qualitative choice models have been used
in analysing participation in a variety of activities. Models for determining discrete choices such as
whether to participate or not in state or local government programs, and to favour a particular political
party are known as qualitative choice models. As credit constraint is an outcome of decisions people
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make after considering their options and assessing their financial needs and circumstances, the process
falls into the qualitative choice model.
This study uses a dichotomous choice framework to explain the likelihood that a household will
be credit constrained. Credit constraint in the rural household is hypothesised to result from the
following factors and can be implicitly written under the general form:
Ycreditcontrained = α0 +
∑
β jXi j + εi (2)
where, Ycreditconstrained is a dummy variable, equal to “1” when a household is credit constrained and
“0” otherwise:
α0 and β j are an intercept term and the coefficients of parameters, respectively. Xi j are the factors
hypothesised to affect credit constraint for households, and εi is the error term.
The discrete dependent variable, credit constrained, is based on a question asked in the survey
questionnaire: “Why doesn’t the family have any bank loans?”. The answers are either “applied for
loans but was denied” or “needs loans, but has never applied”. The households’ characteristics such
as gender, age, whether households are certified poor, farmland size, household total annual income,
education level, household size and main source of income are hypothesised to influence whether
households will be credit constrained. The choice of these independent variables is based on previous
literature and Linh et al.’s [47] review on rural credit access in developing countries.
4.2. Informal Source Borrowing Model (Model 2)
Model (2) tests the specific attributes of households that do or do not borrow from informal sources.
Similar to Model (1), this is a binary choice decision making situation. The parametric functional form
for Model (2) can be written as follows:
Yinformalborrowing = α0 +
∑
β jXi j + εi (3)
where, Yinformalborrowing is a dummy variable, equal to “1” if the household borrowed from informal
sources, and ”0” otherwise.
α0 and β j are an intercept term and the coefficients of parameters, respectively. Xi j are the factors
hypothesised to affect the household’s decision whether to borrow from informal sources, and εi is the
error term.
Equation (3) determines which household characteristics have significant influence on the
household’s decision to borrow from informal sources. For example, Equation (3) allows examination
of the question “aside from bank loans, did your family borrow any money from other sources for
business activities?”
Table 5 presents the definitions of the variables used in Models (1) and (2).
The probit model determines the factors that affect credit access to both formal and informal
credit institutions. It is recognised that rationing in the form of credit constraint has an impact on
household outcomes, such as productivity and welfare [3,29,48]. Credit rationing has recently been
estimated to have caused a 15.7 percent loss in net income and an 18.2 percent loss in consumption
expenditures for rural households in China’s ten provinces [48]. Removal of credit constraints can
improve rural household incomes by as much as 23.2 percent [15]. These figures are consistent with
the studies by Li and Zhu’s [33], and Tran et al.’s [29] findings. Recognising that credit constraint is
very likely to impact the welfare of rural households, we evaluated the contribution of demographic
factors and borrowing from informal credit sources on household welfare. These were assessed using
the endogenous switching regression model described next.
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Table 5. Variables and definitions.
Variables Description
Ln (annual household consumption expenditures) Ln (total amount of households annual consumptionexpenditure for year 2015)
Constrained 1 = if household is credit constrained,0 = unconstrained
Gender 1 = if household is male,0 = female
Age (young age group) 1 = if household is younger than 35 years old,0 = otherwise
Poor
1 = if household is certified as poor by the local
authority in either year 2014 or 2015,
0 = has not been certified as poor
Household size The number of people in the family
Farm land size 1 = household farm land size is less than 5 acres,0 = household farm land size is more than 5 acres
Total annual income
The amount of households total annual income
(includes farm income, non-farm income and
subsidiary income
Education level 1 = high school or higher,0 = lower than high school
Occupation type 1 = households are doing agriculture related work,0 = non-agricultural related work
Main source of income 1 = agricultural related income, 0=otherwise
4.3. Evaluation of the Impact of Credit Constraints on Rural Farm Households’ Welfare
We use the endogenous switching regression (ESR) model to evaluate the impact of credit
constraint on rural households’ welfare. The model is useful for several reasons. First, we can
only observe the welfare of either a constrained or non-constrained household. These two regimes
exclude each other, and separate functions for constrained and non-constrained household welfare
are necessary [49]. Second, credit constrained and non-constrained households may have different
characteristics, such as credit demand and input factors that can affect the welfare differently [3,6].
Third, there might be a potential selection bias between credit constrained and non-constrained
households. The credit constrained households may have lower welfare because they do not have
enough resources for production. Whereas, non-constrained households do not face such restriction
and thus, are able to choose optimal input production and create higher welfare [3]. The model has
been used in previous studies to evaluate the impact that a variety of credit constraint-relevant factors
have on rural households’ welfare or productivity [3,29,50]. Here, we use the total annual consumption
expenditure of the household as the welfare indicator.
Following Madala [46] and Baiyegunhi et al. [50], the welfare functions of credit constrained and
unconstrained households can be expressed as:
Y1i = δ1X1i + ε1i if CCi = 1
Y0i = δ0X0i + ε0i if CCi = 0
(4)
where Y1i and Y0i represent welfare function of credit constrained and unconstrained household i,
respectively, δ1 and δ0 are vectors of parameters, ε1i and ε0i are error terms, and CCi is the credit
constraint condition of the household.
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The credit constraint condition of the household is defined by:
CCi = 1 if CCi = αZi + ui > 0, CCi = 1, otherwise. (5)
Z is a vector of household head and household characteristics, ui is error term, α is the vector of
parameters to be estimated.








where σ2u is a variance of ui, σ21 and σ
2
0 are variances of ε1i and ε0i, respectively. σ1u is a covariance of ui
and ε1i, and σ0u is a covariance of ui and ε0i. The covariance between ε1i and ε0i is not defined, as Y1i
and Y0i cannot be observed simultaneously. σ2u can be assumed to equal 1, as α can only be estimated
up to a scalar factor [33].
The system of Equations (4) and (5) are estimated simultaneously using full information maximum
likelihood method [51]. Given the assumption on the distribution of the error terms, the logarithmic






















where F is a cumulative normal distribution function, f is a normal density distribution function, wi is
an optional weight for household i, and:
η1i =
(




j = 0, 1 (8)
where ρ1 = σ21u/σuσ1 is the correlation coefficient between ε1i and ui, and ρ0 = σ
2
0u/σuσ0 is the
correlation coefficient between ε0i and ui.
5. Empirical Results
The probit models’ results on credit constraint are presented in Tables 6 and 7. The models fit the
data quite well, as the chi-square test results strongly reject the hypothesis of no explanatory power
for both equations (χ2 = 15.73, p = 0.0153 for the credit constraint model; χ2 = 34.74, p = 0.000 for
the informal source borrowing model). The percentage of observations that are correctly predicted
by the credit constraint model is 72.24 percent, with 63.70 percent successful predictions for the
informal sources borrowing model. The average VIFs are 1.09 for the credit constraint model and
1.08 for the informal sources borrowing model, which confirms that both models do not suffer from a
multicollinearity problem.
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Table 6. Credit constraint model results.
Variable Coefficients t-Statistic Marginal Effects Ranking
Gender 0.0881 0.40 0.02951
Age 0.3822 * 1.82 * 0.1176 2
Poor −0.9268 *** 2.72 *** −0.3496 1
Household size −0.0955 ** 1.96 ** −0.0315 4
Farm land size 0.3307 * 1.74 * 0.1108 3
Main source of income 0.1488 0.76 0.0483
Note: Number of observations = 263; LR Chi2(6) = 15.73; Prob > chi2 = 0.0153; R2 = 0.0506; PCP (percent correctly
predicted) = 72.24%; V if = 1.09; *,**,*** significant at the 10, 5 and 1 percent levels, respectively.
Table 7. Informal source borrowing model results (no bank loan and borrowing from informal sources).
Variable Coefficients t-Ratio Marginal Effects Ranking
Gender 0.0324 0.21 0.0124
Age 0.1448 2.35 ** 0.0552 3
Farm land size 0.3432 2.51 ** 0.1321 2
Educational level −0.4260 −3.12 *** −0.1637 1
Poor −0.2531 −0.96 −0.0989
Distance to bank 0.0212 1.26 0.0081
Note: Number of observations = 427; LR Chi2(6) = 34.74; Prob > chi2 = 0.0000; R2 = 0.0609; PCP (expected percent
correctly predicted) = 63.70%; Vif = 1.08; *,**,*** significant at the 10, 5 and 1 percent levels, respectively.
5.1. Determinants of Credit Constraints
Table 6 presents the estimation results of Model (1). There are positive, significant effects of farm
land size and young age households on the household’s likelihood of being credit constrained. The
conditions of households that are certified poor by the local authority, and household size negatively
effects the households’ credit constrained position. These results imply that the certified poor and
households with large household sizes are less likely to be credit constrained from formal credit sources.
The significantly negative effect of household size on the households’ credit constraint indicates that
households with larger family sizes have an advantage when approaching formal credit sources. The
greater the number of adult dependents in the household, the less likely it is to be credit constrained.
More adults in a household will generally contribute to a greater proportion of the labor necessary to
increase farm production and repayment capability [3].
The certified poor by the local authority is considered the target group for subsidised credit in
China. Lending policies (e.g., subsidised interest rates) of both the central government and local
governments alike are in place that were designed to enhance the credit access of the rural poor [17].
For example, in 2015 the Fujian province government provided 50 million RMB of subsidised interest
funds to certified poor rural households who borrowed. Consequently, 20,000 poor rural households
received loans with subsidised interest [42]. Thus, certified poor households are less likely to be credit
constrained due to these credit subsidisation policies.
The effect of farmland size is positive and significant on formal credit constraint. It is important
to emphasise that farmland size is an indicator for production capacity rather than being treated as
collateral, as farmland is state owned and consequently, there is no market for the sale of agricultural
land in China. The effect of farmland area is that households possessing larger farmland size are more
likely to be credit constrained. This finding supports the findings of Jia et al. [17], where farmers with
larger lands are inclined not to apply for credit because they are more likely to be rationed by formal
credit institutions.
The significantly positive effect of young age on the households’ credit constraint indicates that
heads of households that are less than 35 years old have higher propensity of being credit constrained.
This may be due to the fact that younger farmers are seen to have substantially lower levels of
experience and cannot provide valuable off-farm work skills. These factors are more likely to lead
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lenders to assume that they have bad loan repayment abilities [14]. Young aged rural households are
also expected to have smaller social networks than middle or older age borrowers. A larger social
network can improve the ability of borrowers to repay loans and can also reduce transaction costs for
lenders related to screening, monitoring and enforcing credit contacts. Thus, young aged household
heads have limited social networks, poor access to credit sources and less rural production experiences,
thus, a higher possibility of credit constraint [52,53].
Additional information can be obtained through an analysis of the marginal effects calculated
as the partial derivatives of the non-linear probability function, evaluated at each variable’s sample
mean [48]. Marginal effects analysis reveals that among the factors affecting credit constraint from
formal sources, being certified poor by the local authority has the strongest marginal effect on the
probability of credit constraint from the formal credit sources. This effect was followed by age, farmland
size and household size.
5.2. Determinants of Informal Borrowing
Table 7 documents that borrowing from informal credit sources is influenced by age, households’
level of education and whether households are constrained from formal credit institutions. Our Model
(2) results show that the older farmer who has less education and is credit rationed from formal
sources is more likely to borrow from informal credit sources. These results confirmed the substitutive
relationship between formal and informal lending and suggest informal credit fills a gap in credit
supply and demand in the formal sector. The significant positive effect of age on the household’s
choice of informal loans can be explained by noting that aging households are likely to have better
structured social networks. Most informal borrowing relies on relatives and friends or other members
of social networks [49], with older people having a larger number of contacts in their networks. This
result is supported by the findings of Li et al., [48], Jia et al. [54], and Yuan and Xu [14]. In these, rural
households’ social networks of relatives, friends and other individuals they know, were the primary
sources relied upon to meet farmers’ demand for credit.
The formal credit constrained variable has a positive sign, and significantly affects the household’s
access to informal credit. Households apply for loans from informal sources because they either fear
rejection by the bank considering their request or their loan applications have been rejected by formal
credit sources [6]. This finding is consistent with the studies of Turvey et al. [32], Yuan and Xu [14,55],
higher rates of informal borrowing is a consequence of credit rationing from formal credit sources. As
a consequence, informal credit is likely to be more active in the regions where the formal credit market
is less developed, such as in rural areas [14,32].
The effect of education on informal credit demand is negative and significant. Rural households
with more education generally earn higher incomes, which reduces credit demand [48] and increases
access to formal credit [32]. Households with more years of education are believed to allocate credit
more efficiently and are expected to have improved access to formal credit sources [17,34,56].
Similar to Model (1), our marginal effects analysis shows that among the demographic variables
affecting respondents’ borrowing from informal sources, formal credit constraint has the strongest
marginal effect (see Table 5). Formal credit constraint dominates rural farmers’ access to and reliance
upon informal credit. In the case where a rural household can borrow from formal credit institutions,
formal credit constraint nevertheless increases his/her probability of borrowing from informal credit
sources. Education level is ranked as the second most important factor that impacts households’
borrowing from informal sources. This is followed by the age variable.
5.3. Impact of Credit Constraint on Rural Household Welfare
Table 8 shows the results obtained from the second step of the endogenous switching regression
model (Equations (4) and (5)). The likelihood ratio (LR) test is significant at the five percent (p = 0.046)
level, which indicates that the endogenous switching model is better than the exogenous model at
predicting credit constraint. Furthermore, the significance of ρ1 implies that the sample may suffer
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from selection bias and that OLS (Ordinary Least Square) estimation would result in biased estimates.
Since ρ1 is negative and significant at the one percent level, we can conclude that credit constrained
households have lower consumption per capita than a credit unconstrained household. The negative
and insignificant sign of ρ0 documents that there is no difference of consumption per capita between
a credit constrained household and credit unconstrained household. The result supports Li and
Zhu’s [33] and Tran et al.’s [29] studies which revealed that credit constraints have a detrimental impact
on household consumption.
Table 8. Impact of credit constraints on household’s consumption per capita.
Variable Name









Age −0.0177 0.0747 −0.0228 0.0507
(0.843) (0.320) (0.830) (0.508)
Farm land size
−0.4151 −0.0862 −0.3309 −0.1106
(0.020) ** (0.558) (0.091) * (0.465)
Household size
0.1079 0.1182 0.1224 0.1187
(0.009) *** (0.006) *** (0.018) ** (0.010) **
Educational level
0.0239 0.2480 −0.0551 0.2061
(0.894) (0.094) * (0.780) (0.181)
Occupation type −0.2237 −3.113 −0.3113 −2.8763
(0.184) (0.041) ** (0.117) (0.072) *




10.2216 10.7412 10.6299 10.4351
(0.000) *** (0.000) *** (0.000) *** (0.000) ***
ρ0 −0.7011(0.646); ρ1 −1.1067(0.001) ***; Log likelihood −417.317; Wald test 11.87 **; LR test 6.14(0.046) **
Notes: OLS stands for Ordinary Least Square. Figures in parenthesis are p-values; ρ0 and ρ1 are the correlation
between the error terms of the credit constraint condition equation and equations of consumption per capita of credit
unconstrained respondents and constrained respondents, respectively. *,**,***, significant at 10, 5 and 1 percent
level, respectively.
The variable “borrowing from informal” appears only in the consumption Equation (4) for credit
constrained households. The insignificant effect of this variable on consumption per capita implies that
informal lending did not help rural farmers in Fujian province to improve their level of consumption
and welfare. Table 6 also shows the difference in the significance of farmland size, educational level and
occupation type variables between the consumption equations of credit constrained and unconstrained
households. The insignificance of farmland size in the consumption equation of credit constrained
households implies that for credit constrained families, the role of larger farmland size in improving
household welfare is negligible. The insignificance of educational level and occupation type in the
consumption equation of credit unconstrained households and the significance of these two variables
in the credit constrained household’s consumption models indicate that for the in credit constraint
condition, the rural household with a higher level of education increases their consumption expenditure
significantly, and sufficient credit can help households who are doing agricultural-related work to
equal their consumption with households who rely on non-agriculturally related work. The results are
supported by Dong et al.’s [3] findings which reveal that without adequate credit for rural production
and recourses, households with capabilities and education cannot be fully utilised or employed.
Table 8 also shows that an additional member in credit constrained households increases
consumption per capita by 11.82 percent while in the credit unconstrained households it is only
10.79 percent. This reflects the fact that kids or elders generally increase household consumption, and
the expenditure for an extra household member is higher in the credit constrained condition. The result
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supports Rosati et al. [57] and Dong et al.’s [3] findings that when a household is credit constrained,
the limited amount of savings might be used as an emergency fund rather than being used in rural
production (e.g., emergency fund for family members’ illnesses).
6. Conclusions and Policy Implications
Credit markets in China play an important role in promoting rural development. However, poor
rural households are often excluded from formal credit markets [16]. Previous studies have found
farmers who are constrained by formal credit may resort to informal credit markets and thus alleviate
their financial constraints [14,16,52]. This study provides direct evidence of how rural households’
demographic factors influence their access to both formal and informal credit. In addition, this study
also investigates whether credit constraint affects rural households’ consumption.
Our empirical testing of the 2017 survey data from Fujian province confirms that formal credit
constraints are affected by age, farmland size, household size and total annual income. Poor rural
households are now less likely to be excluded by formal credit sources as the government’s subsidised
credit policy effectively supports poor rural households’ credit demand. Our results also show the
decision to borrow from informal credit sources can be positively affected by formal credit constraint.
Age and households’ educational level negatively affect the rural households’ decision to borrow
from informal sources. Moreover, testing with the endogenous switching model shows that credit
constraints have a negative impact on household welfare in the study region.
The results from this study provide potentially important policy implications. First, our results
have shown that certified poor rural households are less credit constrained. Thus, the government
subsidised credit policy has been found to be efficient in improving the household’s accessibility to
formal credit. Our study results confirm that relaxing the credit constraints can not only enhance the
welfare of poor rural households but also narrow the welfare gap between the poor and non-poor rural
households. Second, the government should consider designing policies to relax credit constraints for
rural households. Our ESR model result recommends that under the credit constrained condition, the
rural households with higher levels of education have a greater consumption burden. Rural households
with higher education guarantee that credit is used efficiently in rural production. However, additional
education cannot be fully utilised in agricultural production, only when credit constraint is removed.
In other words, for additional education to improve rural productivity, the credit constraint needs to
be removed first [3]. Third, our results confirm that the informal lenders can overcome the weakness
of formal credit with low transaction costs and more efficient and potentially more effective credit
allocation. This expands rural households’ ability to raise funds that will be used to enhance farmland
production. Therefore, it would seem prudent for policy makers to take steps to incorporate informal
credit into the credit marketplace in Fujian province.
Fourth, the impact of subsidised credit on Chinese rural household welfare has been documented
in a number of studies [58–60], however, how subsidised credit is allocated raises an important question.
Is “subsidised credit” sustainable in the longer term? Subsidised credit designed to support needy
households could potentially benefit only better-off groups as criticised by Braverman and Guasch [61],
and Gonzalez-Vega [62]. In addition, subsidised credit may lead to the increase in interest rate charged
by informal lenders because some money lenders will exit the market since the pool of borrowers
left are riskier than the conventional pool. As a result, credit constrained households may suffer
from adverse effects of subsidised credit since they are forced to borrow from informal lenders. Thus,
subsidised credit may exacerbate welfare and rural development inequality. Our results suggest that it
is necessary to enhance the credit allocation system to reduce the transaction cost and provide target
households with sufficient credit to enhance rural development. Policy makers and formal credit
institutions should develop a relevant credit policy, improve financial and physical infrastructure to
assure rural communities can receive sufficient loans for production and consumption.
Fifth, the government should not address the credit constraint issue exclusively by providing
credit to the households. Investing in other programs, such the households’ education and developing
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non-farm activities in rural areas are other solutions to alleviate the credit constraint issue. Results
from our study suggest that educated households are less likely to be dependent on credit and
more favoured by creditors. In addition, education is also a key factor to promote rural household
welfare [63,64]. Similarly, non-farm activities contribute to relax credit constraints and improve rural
household welfare. Ellis [65] and De Brauw and Harigaya [66] reveal that farm households with
diversified income sources are better able to encounter adverse incidents, thus, are less reliant on credit
and have higher consumption expenditure.
Author Contributions: L.L. contributed to the research design and data analysis. W.W. contributed to the writing
and formal analysis of the research. C.G. supervised the research. C.G. and W.W. put forward the concept of
this article and led the development of methodology and analysis. Q.T.T.N. helped with the modifying of the
manuscript and final editorial clarifications and corrections. All authors contributed to the writing, reviewing and
correction of this manuscript.
Funding: The research is funded by Liaoning Social Science Planning Fund Project (Grant Number L18BJY017),
Dalian Minzu University Central University Discipline Cultivation Project (Grant Number 0220/120033) and Fujian
Agriculture and Forestry University Science and Technology Innovation Special Fund Project (Social Science)
(Grant Number KCXSL003A)
Acknowledgments: We would like to thank Yipeng Wang who helped with data mining. Wang is a Ph.D candidate
in the College of Finance and Statistics, Hunan University, Changsha, China.
Conflicts of Interest: The authors declare no conflict of interest.
References
1. Wang, X.; Chen, M.; He, X.; Zhang, F. Credit Constraint, Credit Adjustment, and Sustainable Growth of
Farmers’ Income. Sustainability 2018, 10, 4407. [CrossRef]
2. Tang, S.; Guan, Z.F.; Jin, S.Q. Formal and informal credit markets and rural credit demand in China.
In Proceedings of the Agricultural and Applied Economics Association Joint Annual meeting, Denver, CO,
USA, 25–27 July 2010.
3. Dong, F.X.; Lu, J.; Featherstone, A.M. Effects of credit constraints on household productivity in rural China.
Agric. Financ. Rev. 2012, 72, 402–415. [CrossRef]
4. Coleman, B.E. The impact of group lending in Northeast Thailand. J. Dev. Econ. 1999, 60, 105–141. [CrossRef]
5. Li, X.; Gan, C.; Hu, B.D. Accessibility to microcredit by Chinese rural households. J. Asian Econ. 2011, 22,
235–246. [CrossRef]
6. Feder, G.L.; Lin, L.J.; Luo, X. The Relationship between credit and productivity in Chinese agriculture:
A microeconomic model of disequilibrium. Am. J. Agric. Econ. 1990, 72, 1151–1157. [CrossRef]
7. Guirkinger, C.; Boucher, S. Credit constraints and productivity in Peruvian agriculture. Agric. Econ. 2008, 39,
295–308. [CrossRef]
8. Diagne, A.; Zeller, M.; Sharma, M. Empirical Measurements of Households’ Access to Credit and Credit Constraints
in Developing Countries: Methodological Issues and Evidence; Discussion Paper 90; Food Consumption and
Nutrition Division International Food Policy Research Institute: Washington, DC, USA, 2000.
9. Hermes, N.; Lensink, R. Microfinance: Its Impact, Outreach, and Sustainability. World Dev. 2011, 39, 875–881.
[CrossRef]
10. Mohamed, K. Access to Formal and Quasi-Formal Credit by Smallholder Farmers and Artisanal Fishermen: A Case
of Zanzibar; Research Report No. 03.6; Research on Poverty Alleviation (REPOA): Dar es Salaam, Tanzania,
2003.
11. Liu, Y.S. Rural transformation development and new countryside construction in eastern coastal area of
China. Acta Geogr. Sin. 2007, 62, 564–570.
12. Long, H.L.; Tu, S.S.; Ge, D.Z.; Li, T.T.; Liu, Y.S. The allocation and management of critical resources in rural
China under restructuring: Problems and prospers. J. Rural Stud. 2016, 47, 392–412. [CrossRef]
13. Dong, F.; Featherstone, A. Technical and scale efficiencies for Chinese rural credit cooperative: A bootstrapping
approach in data envelopment analysis. J. Chin. Econ. Bus. Stud. 2006, 4, 57–75. [CrossRef]
14. Yuan, Y.; Xu, L. Are poor able to access the informal credit market? Evidence from rural households in China.
China Econ. Rev. 2015, 33, 232–246. [CrossRef]
Sustainability 2019, 11, 3221 17 of 19
15. Dong, F.X.; Lu, J.; Featherstone, A.M. Effects of Credit Constraints on Productivity and Rural Household Income in
China; CARD Working Paper 10-wp 516; Iowa State University Digital Repository: Ames, IA, USA, 2010.
16. Shoji, M.; Aoyagi, K.; Kasahara, R.J.; Sawada, Y.; Ueyama, M. Social capital formation and credit access:
Evidence from Sri Lanka. World Dev. 2012, 40, 2522–2536. [CrossRef]
17. Jia, X.P.; Heidhues, F.; Zeller, M. Credit rationing of rural households in China. Agric. Financ. Rev. 2010, 70,
37–54. [CrossRef]
18. Calum, G.T.; Kong, R. Informal lending amongst friends and relatives: Can microcredit compete in rural
China? China Econ. Rev. 2010, 21, 544–556.
19. Seibel, H.D. Upgrading, Downgrading, Linking, Innovating: Microfinance Development Strategies—A Systems
Perspective; Working Paper; Development Research Center, University of Cologne: Cologne, Germany, 1997.
20. Wang, T. Estimation and analysis on discrepancies of financial resource allocation in China’s urban and rural
area. Econ. Probl. 2011, 8, 95–98. (In Chinese)
21. Lin, J.Y.; Tao, R.; Liu, M. Rural Taxation and Local Governance Reform in China’s Economic Transition:
Evolution, Policy Responses and Remaining Challenges. In Economic Policy Reform in Asia; Stanford
University: Palo Alto, CA, USA, 2006.
22. Zeller, M. Determinants of credit rationing: A study of informal lenders and formal credit groups in
Madagascar. World Dev. 1994, 22, 1895–1907. [CrossRef]
23. Muhongayire, W.; Hitayezu, P.; Mbatia, O.L.; Mukoya-Wangia, S.M. Determinants of farmers’ participation
in formal credit markets in rural Rwanda. J. Agric. Sci. 2013, 4, 87–94. [CrossRef]
24. Stiglitz, J.E.; Weiss, A. Credit rationing in markets with imperfect information. Am. Econ. Rev. 1981, 71,
393–410.
25. Grant, C. Estimating credit constraints among US households. Oxf. Econ. Pap. 2007, 59, 583–605. [CrossRef]
26. Kofarmata, Y.I.; Applanaidu, S.D.; Hassan, S. Examination of the Determinants of Credit Constraints in the
Rural Agricultural Credit Market of Nigeria. Res. J. Appl. Sci. 2016, 11, 235–239.
27. Akram, W.; Hussain, Z. Agricultural credit constraints and borrowing behavior of farmers in rural Punjab.
Eur. J. Sci. Res. 2008, 23, 294–304.
28. Chaudhuri, K.; Cherical, M.M. Credit rationing in rural credit markets of India. Appl. Econ. 2012, 44, 803–812.
[CrossRef]
29. Tran, M.C.; Gan, E.C.; Hu, B.D. Credit constraints and the impact on farm household welfare. Int. J. Soc.
Econ. 2016, 43, 782–803. [CrossRef]
30. National Bureau of Statistics of China. Available online: http://data.stats.gov.cn/easyquery.htm?cn=C01
(accessed on 3 October 2017).
31. Guo, P.; Jia, X. The structure and reform of rural finance in China. China Agric. Econ. Rev. 2009, 1, 212–226.
[CrossRef]
32. Turvey, C.G.; Kong, R.; Huo, X.X. Borrowing amongst friends: The economics of informal credit in rural
China. China Agric. Econ. Rev. 2010, 2, 133–147. [CrossRef]
33. Li, R.; Zhu, X. Economic analysis of credit constraints of Chinese rural households and welfare loss. Appl.
Econ. 2010, 42, 1615–1625.
34. Barslund, M.; Tarp, F. Formal and informal rural credit in four provinces of Vietnam. J. Dev. Stud. 2008, 44,
485–503. [CrossRef]
35. Lin, L.; Wang, W.; Gan, C.; Cohen, D.A.; Nguyen, Q.T. Rural credit constraint and informal rural credit
accessibility in China. Sustainability 2019, 11, 1935. [CrossRef]
36. Ciaian, P.; Fałkowski, J.; Kancs, D.A. Access to credit, factor allocation and farm productivity: Evidence from
the CEE transition economies. Agric. Financ. Rev. 2012, 72, 22–47. [CrossRef]
37. Eswaran, M.; Kotwal, A. Implications of credit constraints for risk behaviour in less developed economies.
Oxf. Econ. Pap. 1990, 42, 473–482. [CrossRef]
38. Aghion, P.; Caroli, E.; Garcia-Penalosa, C. Inequality and economic growth: The perspective of the new
growth theories. J. Econ. Lit. 1999, 37, 1615–1660. [CrossRef]
39. Baiyegunhi, L.; Fraser, G.; Darroch, M. Credit Constraints and Household Welfare in the Eastern Cape
Province, South Africa. Ph.D. Thesis, University of Fort Hare, Eastern Cape, South Africa, 2010.
40. Briggeman, B.C.; Towe, C.A.; Morehart, M.J. Credit constraints: Their existence, determinants, and
implications for US farm and nonfarm sole proprietorships. Am. J. Agric. Econ. 2009, 91, 275–289.
[CrossRef]
Sustainability 2019, 11, 3221 18 of 19
41. Chen, X.H. Raising awareness and seizing the opportunity to create a new situation in rural fixed observation
posts. Lett. Rural Work Commun. 2015, 23, 18–22. (In Chinese)
42. Fujian People’s Congress (Certified Poor). Available online: http://www.fjrd.gov.cn/ct/68-120094 (accessed
on 22 September 2017).
43. Boucher, S.R.; Guirkinger, C.; Trivelli, C. Direct elicitation of credit constraints: Conceptual and practical
issues with an application to Peruvian agriculture. Econ. Dev. Cult. Chang. 2009, 57, 609–640. [CrossRef]
44. Zhao, J.M.; Barry, P.J. Effects of credit constraints on rural household technical efficiency. China Agric. Econ.
Rev. 2014, 6, 654–668. [CrossRef]
45. Greene, W.H. Econometric Analysis, 4th ed.; Prentice Hall: Upper Saddle River, NJ, USA, 2000.
46. Maddala, G. Limited-Dependent and Qualitative Variables in Econometrics; Cambridge University Press:
Cambridge, UK, 1983.
47. Linh, T.N.; Long, H.T.; Chi, L.V.; Tam, L.T.; Lebailly, P. Access to Rural Credit Markets in Developing
Countries, the Case of Vietnam: A Literature Review. Sustainability 2019, 11, 1468. [CrossRef]
48. Li, R.; Li, Q.H.; Huang, S.A.; Zhu, X. The credit rationing of Chinese rural households and its welfare loss:
An investigation based on panel data. China Econ. Rev. 2013, 26, 17–27. [CrossRef]
49. Gilligan, D.; Harrower, S.; Quisumbing, A. How Accurate Are Reports of Credit Constraints? Reconciling Theory
with Respondents’ Claims in Bukidnon; Philippines Working Paper; International Food Policy Research Institute:
Washington, DC, USA, 2005.
50. Baiyegunhi, L.J.S.; Fraser, G.C.G.; Darroch, M.A.G. Credit constraint and household welfare in the Eastern
Cape province, South Africa. Afr. J. Agric. Res. 2010, 5, 2243–2252.
51. Lokshin, M.; Sajaia, Z. Maximum Likelihood Estimation of Endogenous Switching Regression Models. Stata
J. 2004, 4, 282–289. [CrossRef]
52. Dufhues, T.; Buchenrieder, G.; Quoc, H.D.; Munkung, N. Social capital and loan repayment performance in
Southeast Asia. J. Soc. Econ. 2011, 40, 679–691. [CrossRef]
53. Story, W.T.; Carpiano, R. Household social capital and socioeconomic inequalities in child under nutrition in
rural India: Exploring institutional and organizational ties. Annu. Glob. Health 2015, 81, 119–120. [CrossRef]
54. Jia, X.P.; Xiang, C.; Huang, J.K. Microfinance, self-employment and entrepreneurs in less developed areas of
rural China. China Econ. Rev. 2013, 27, 94–103. [CrossRef]
55. Yuan, Y.; Xu, L. Determinants of private informal interest rate: Evidence from rural households in China.
J. Chin. Econ. Bus. Stud. 2013, 11, 179–196. [CrossRef]
56. Ali, D.A.; Deininger, K. Causes and Implication of Credit Rationing in Rural Ethiopia: The Importance of
Zonal Variation. J. Afr. Econ. 2014, 23, 493–527. [CrossRef]
57. Rosati, F.C.; Mealli, F.; Guarcello, L. Household vulnerability and child labor: The effect of shocks, credit
rationing and insurance. J. Popul. Econ. 2010, 23, 169–198. [CrossRef]
58. Nguyen, V.C. Is a governmental micro-credit program for the poor really pro-poor? Evidence from Vietnam.
Dev. Econ. 2008, 46, 151–187.
59. Nghiem, S.; Coelli, T.; Rao, P. Assessing the Welfare Effects of Microfinance in Vietnam: Empirical Results
from a Quasi-Experimental Survey. J. Dev. Stud. 2012, 48, 619–632. [CrossRef]
60. Phan, D.K. An Empirical Analysis of Accessibility and Impact of Microcredit: The Rural Credit Market in the
Mekong River Delta. Ph.D. Thesis, Lincoln University, Mekong River Delta, Vietnam, 2012.
61. Braverman, A.; Guasch, J.L. Rural credit markets and institutions in developing countries: Lessons for policy
analysis from practice and modern theory. World Dev. 1986, 14, 1253–1267. [CrossRef]
62. Gonzalez-Vega, C. Credit Rationing Behavior of Agricultural Lenders: The Iron Law of Interest Rate Restrictions;
Discussion Paper No. 9; Colloquium on Rural Finance: Washington DC, US, 1984.
63. Nguyen, B.T.; Albrecht, J.W.; Vroman, S.B.; Westbrook, M.D. A quantile regression decomposition of
urban-rural inequality in Vietnam. J. Dev. Econ. 2007, 83, 466–490. [CrossRef]
64. Van de Walle, D.; Cratty, D. Is the emerging non-farm market economy the route out of poverty in Vietnam?
Econ. Transit. 2004, 12, 237–274. [CrossRef]
Sustainability 2019, 11, 3221 19 of 19
65. Ellis, F. The Determinants of Rural Livelihood Diversification in Developing Countries. J. Agric. Econ. 2000,
51, 289–302. [CrossRef]
66. De Brauw, A.; Harigaya, T. Seasonal Migration and Improving Living Standards in Vietnam. Am. J. Agric.
Econ. 2007, 89, 430–447. [CrossRef]
© 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).
